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resource allocation problem in MBS was transformed to a multi-objective optimization problem with the objective max-
imizing the system throughput and minimizing the packet loss rate of the MBS. Secondly, the MBS environment was
characterized as a multi-dimensional matrix, and the objective problem was modelled as a Markov decision process con-
sidering stochastic communication requirements. Finally, the objective problem was solved by combining the powerful
feature extraction and learning capabilities of deep reinforcement learning. In addition, a single-intelligence polling mul-
tiplexing mechanism was proposed to reduce the search space and convergence difficulty and accelerate the training of
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